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This demo is an effort following:
[1] Ning et al., EMNLP’17. A structured learning approach to temporal relation extraction
[2] Ning et al., NAACL’18. Improving temporal relation extraction via a globally acquired resource
[3] Ning et al., ACL’18. Joint reasoning for temporal and causal relations.
[4] Ning et al., ACL’18. A multi-axis modeling for temporal relation annotation
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This demo is an effort following:
[1] Ning et al., EMNLP’17. A structured learning approach to temporal relation extraction
[2] Ning et al., NAACL’18. Improving temporal relation extraction via a globally acquired resource
[3] Ning et al., ACL’18. Joint reasoning for temporal and causal relations.
[4] Ning et al., ACL’18. A multi-axis modeling for temporal relation annotation

Please find the link to this demo on my poster. Try it and give us your feedback!
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§ How	can	we	theoretically	characterize	the	benefit	of	
bootstrapping,	structural	constraints,	and partial	data?
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many complete ones
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In many cases:
a few complete + many incomplete ones
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